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Results

Mill Creek (Sacramento River Tributary) is  Agricultural diversions reduce water in
regulated to maintain a minimum flow. the Navarro River.

Background

Long Short Term Memory An LSTM n e u ra I n EtWO rk

(LSTM) neural networks trained

on regional hydrology datasets = d o I
produce better predictions at t ra I n e o n a reg I o n a
previously unseen basins than

commonly used hydrology hyd ro I Ogy d ata SEt Ca n

models individually calibrated
at the same basins!2. Previous

experiments have focused on p rEd iCt St rea mfl OW

unmodified or “natural” river
basins.

In this research, we evaluate a CCU rate Iy at h u m a n

the performance of LSTMs in
predicting streamflow modified d 'f' d s b :
by dams and agriculture. mo I Ie rlver aSInS-

Methods and Data
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Model Prediction vs Observation Before Tuning
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Model Prediction vs Observation After Tuning
Mill C Nr Los Molinos Ca (Gauge 11381500)
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During unseen predictions, the model produces hydrographs representative of
unmodified rivers. Upon tuning with previous years data, we can produce

We train an LSTM on 481 natural river Using remote sensing inputs, we capture real time changes reasonable streamflow predictions of the human modified streamflow.
basins from the CAMELS dataset.3 in land surface characteristics such as snow and vegetation. N |
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early season storm flood
changed the rating curve. The
subsequent rating curve
correction shows us that the o e
model actually performed better than the initial gauge measurement.

Future work will explore how we can use integrate these models into conservation
and management operations.
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from USGS? Satellite imagery above and graphic below produced at Upstream Tech
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