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Results GPU implementation

It is possible to diminish the backprojection computational cost by taking advantage
of the embarrassingly parallelizable nature of the algorithm?®. In fact, each image
point is independent from one another.

In the shown example, we employed a NVIDIA V100 graphic processing unit (GPU)
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Figure 6: 3D backprojection results of the area shown in Figure 5. (a) Constant depth section at 20m below the air-ice interface. (b-c) Constant latitude sections at 70.96° and 71.3° lat, respectively. (d-e) Constant longitude sections
at -44.56° and -43.66° lon, respectively. The pixel size is 30m by 30m in the latitude and longitude, instead the sampling in the depth direction is 0.5m. A maximum depth of 70m below the air-ice interface is considered in the shown
sections
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