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Abstract 23 

Water temperature is an important environmental factor for the growth of eelgrass (Zostera 24 

marina) beds, which provide important nearshore ecosystem services. Here, we study water 25 

temperature dynamics in eelgrass beds off the Atlantic coast of Nova Scotia using a high-26 

resolution nearshore oceanographic model based on the Finite Volume Community Ocean Model 27 

(FVCOM). The model has been evaluated against the observed temperature at six sites for three 28 

years from 2017-2019; the evaluation indicates that the model is able to replicate the temperature 29 

variation on time scales from hours to seasonal. We also use various temperature metrics 30 

relevant to eelgrass condition, including mean seasonal values and variability, daily ranges, 31 

growing degree day, and warm events, to both validate the model and better understand the 32 

temperature regime at the study sites.  Our analyses showed that eelgrass inhabit a wide range of 33 

temperature conditions that have previously been shown to influence their performance. The 34 

mean water temperature during the summer growing period differs by more than 7°C between 35 

the shallowest and the deepest sites. The rate of heat accumulation was faster at shallow sites, 36 

and they experienced ≥ 12 extreme warm events year-1. While the amplitude of the temperature 37 

variations within the high frequency band (<48 hr) was greater in shallower sites, temperature 38 

changes on meteorological time scales (48 hr to 60 days) were coherent at all sites suggesting the 39 

importance of coast-wide processes. The results of this study demonstrate that our high 40 

resolution numerical model can capture biologically relevant temperature dynamics at different 41 

time scales and over a large spatial region and yet still capture detailed temperature dynamics at 42 

specific nearshore sites. It therefore has the potential to contribute to conservation planning and 43 

prediction of eelgrass response to future climate changes. 44 

  45 
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1 Introduction 46 

Nearshore temperature dynamics can be highly heterogeneous both spatially and temporally, due 47 

to the complex interplay of air-sea heat fluxes with localized geometry, atmospheric forcings that 48 

influence water currents and mixing, and its interaction with shelf and deep ocean physical 49 

processes.  In turn, these highly variable temperature regimes have potentially significant effects 50 

on valued ecosystem components, including eelgrass (Zostera marina) beds.  Eelgrass, like other 51 

seagrass species, provides important ecosystem services such as shoreline protection, water 52 

filtration, carbon storage, and fisheries maintenance (Fourqurean et al., 2012; Nordlund et al. 53 

2016).  While temperature, light, and nutrients all influence eelgrass growth and production (Lee 54 

et al. 2007), temperature is a particularly important driver within the context of climate change.  55 

Previous work has shown that temperature effects on eelgrass are multi-faceted, with multiple 56 

short-term (i.e., seasonal and sub-seasonal) temperature processes acting concomitantly 57 

(Krumhansl et al. 2021).  Eelgrass productivity and resilience tends to be lower in warm and 58 

highly variable temperature regimes where heat accumulates quickly and thermal physiological 59 

thresholds are exceeded (Krumhansl et al. 2021, Wong and Dowd 2023).  Furthermore, eelgrass 60 

is also susceptible to marine heatwaves that originate offshore but propagate into, and are 61 

exacerbated by, nearshore conditions (Marbà and Duarte, 2010; Moore et al., 2014; Strydom et 62 

al. 2020; Wiberg, 2023).  Understanding the relationship of eelgrass distribution and condition 63 

with the physical environment requires high resolution physical data across large spatial scales. 64 

Unfortunately, it is not feasible to obtain this information from in-situ measurements or satellite 65 

data due to limitations in data resolution and spatial scales. Hence, we must rely on properly 66 

calibrated and validated numerical ocean models. Despite advances in oceanographic model 67 

developments, predicting temperature accurately and capturing its variability on the small spatial 68 
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and temporal scales characteristic of the nearshore is difficult.  Furthermore, model predictions 69 

are most useful if they are evaluated using ecologically meaningful temperature metrics that are 70 

linked to seagrass performance.   71 

Our study region is the Atlantic coast of Nova Scotia, Canada. Water temperature over 72 

the Scotian Shelf has strong spatial and seasonal variability, with the main controlling 73 

mechanism being the air-sea heat flux (sum of the flux of solar heating, sensible heat, latent heat 74 

and longwave radiation) that accounts for about 85% of the observed temperature variability 75 

(Umoh and Thompson 1994). Cold water upwelling yields an important temperature signal in 76 

summer, and horizontal advection and the vertical mixing have relatively smaller contributions. 77 

Additionally, large scale variations in water temperature over the Scotian Shelf are related to the 78 

two dominant equatorward flows over the Scotian Shelf (Thompson et al. 1988; Petrie 2007; 79 

Brickman et al., 2018). The first is the inner-shelf current along the Atlantic coast, fed by a 80 

branch of the outflow from Gulf of St. Lawrence; and the second is the current along the shelf 81 

break, that is an extension of the Labrador Current (Sutcliffe et al., 1976).  The two seasonally 82 

varying currents are topographically steered by banks, basins and channels, leading to variations 83 

in water temperature (Petrie and Drinkwater, 1993; Hannah et al., 1996; Drinkwater 1996; Wu et 84 

al., 2016).  85 

Numerical models of the physical oceanography in this region have emphasized the 86 

Scotian Shelf, but largely ignored the nearshore due to the difficulty in adequately resolving it. 87 

During the last four decades, numerical models have been developed for the Scotian Shelf based 88 

on various types of circulation models with different model resolutions. For example, using finite 89 

element models, Han et al. (1997) and Hannah et al. (2001) investigated the seasonal variation of 90 

the circulation over the shelf with model resolution that varied from 2 km over the coastal waters 91 
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to 30 km in the deep ocean. Using a nested-grid modelling system, Sheng et al. (2006) studied 92 

the response of the upper ocean to storms using a model resolution over the shelf of about 7 km. 93 

Using an ice-ocean coupled model based on the Princeton Ocean Model, Wu et al. (2012) 94 

developed a circulation model with a horizontal resolution of about 10 km, while Katavouta et al. 95 

(2016) developed an ocean circulation model based on the Nucleus for European Modeling of 96 

the Ocean (NEMO) with a horizontal resolution of 2.8 km. These models represent well the key 97 

dynamics driving large-scale temperature variations over the Scotian Shelf, but cannot accurately 98 

represent nearshore processes due to the relatively coarse model resolution used. More recently, 99 

Feng et al. (2022) developed a model based on the Finite Volume Community Ocean Model 100 

(FVCOM) for the eastern shore island area of the Scotian Shelf, however the spatial variation of 101 

water temperatures in the target eelgrass areas in this study were still not adequately resolved.  102 

The challenge to accurately modelling the nearshore temperature is the complicated bathymetry 103 

and coastlines. This requires spatial resolution down to a few meters to achieve reasonable 104 

temperature predictions, and to accurately represent the nearshore dynamics (Lynge et al., 2010; 105 

McWilliams, 2016; Poje et al., 2010).  106 

The eelgrass areas in this study are characterized by irregular coastlines, deep bays with 107 

steep shorelines, shallow bays with elevated intertidal flats and tidal channels, and many islands 108 

and headlands with strong tidal flows. Consequently, these eelgrass beds inhabit a wide range of 109 

environmental conditions, from shallow, warm, protected waters to deep, cool, exposed waters 110 

(Wong 2018, Krumhansl et al. 2021). Eelgrass beds also experience high temporal variability in 111 

water temperature from not only localized processes such as air-sea heat fluxes (i.e., local 112 

forcing), but also tidal and wind driven advective heat fluxes originating on the shelf (i.e., remote 113 

forcing) (Wong et al., 2013; Wong and Dowd, 2021). To understand the dynamics of water 114 
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temperature in the eelgrass areas, in this study we develop a high resolution numerical 115 

oceanographic model which uses an unstructured mesh that allows for very high spatial 116 

resolutions at sites of interest.  This allows us to represent the complex coastline and bathymetry 117 

and to provide accurate water temperature predictions where needed, such as in shallow eelgrass 118 

beds ventilated by only a few channels. Using the model results, we examine ecologically 119 

meaningful temperature metrics (i.e., mean temperature, heat accumulation, daily temperature 120 

range, thermal physiological threshold exceedances) that are known to influence seagrass growth 121 

and productivity (Krumhansl et al. 2021, Wong and Dowd 2023).  Finally, a simple heat budget 122 

is developed to identify the primary mechanisms underlying the temperature dynamics at select 123 

study sites.  124 

 125 

 126 

 127 
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Fig. 1 Map showing the model domain and the computational mesh, along with the eelgrass 

study sites: Model domain (d) and details of the model mesh resolutions for core study areas 

(a-c). The locations of all study sites are the sites listed in Table 1. The designations S1-S6 

refer to Port l'Hebert, Port Joli, Mason’s Island, Sacrifice Island, Sambro, and Taylor Head, 

respectively.  

 128 

2 Materials and methods 129 

2.1 Model configuration 130 

The ocean model used in this study is the FVCOM, which is a finite-volume, unstructured grid 131 

ocean model (Chen et al., 2007, 2003). The model has a free surface, uses sigma coordinates in 132 

the vertical direction, and employs a mode time split. FVCOM solves the three-dimensional 133 

momentum, continuity, temperature and salinity equations by computing fluxes between 134 

unstructured triangular elements. The unstructured mesh system in the model is able to fit 135 
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complex coastlines and enables a seamless transition between small-scale processes in eelgrass 136 

areas and large-scale processes in the adjacent shelf and open ocean, while maintaining 137 

computational efficiency. The model domain and model grid size are shown in Fig. 1. The model 138 

mesh includes 176755 nodes and 335819 elements. The horizontal resolution of the model mesh 139 

varies from 1-2 km in the open shelf to 10 m in the near-shore waters. An example of where 140 

locally very high resolution is important is Port l'Hebert, where the water temperature is strongly 141 

associated with the water advection through a narrow channel with the width less than 100 m 142 

(Fig. 1a).   143 

The model bathymetry is based on high resolution survey data (10 m in our study areas) 144 

from the Canadian Hydrographic Service (CHS), which is mildly smoothed in order to reduce 145 

sigma-coordinate pressure gradient errors. The water column is divided into 30 layers in the 146 

vertical. For water depths shallower than 60 m, the sigma levels are uniformly distributed 147 

through the water column. For water depths deeper than 60 m, we used a generalized coordinate 148 

system to resolve the bottom boundary layer and to reduce the horizontal pressure gradient error: 149 

10 uniform layers in the surface layer with an interval of 2 m, 5 uniform layers in the bottom 150 

layer with a 2 m interval, and 15 levels stretched to span the center of the water column. Vertical 151 

turbulent mixing is modelled with the General Ocean Turbulence Model (GOTM) using a k-ε 152 

formulation (Umlauf and Burchard, 2005), and the horizontal diffusion is parameterized as the 153 

Smagorinsky diffusivity with a coefficient of 0.1. 154 

The temperature and salinity of the model are initialized from the daily reanalysis results 155 

of GLORYS12v1 with 1/12° resolution (Jean-Michel et al., 2021). The open boundary 156 

conditions employ a one-way nesting scheme with variables (water elevations, temperature, 157 

salinity and currents) from GLORYS12v1. The tidal components are also included through the 158 
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nesting; the tidal water elevations and tidal currents of eight major tidal constituents (M2, S2, 159 

N2, K2, O1, K1, P1, and Q1) are from the tidal dataset of TPXO9 (Egbert et al., 1994; Egbert 160 

and Erofeeva, 2002). Surface atmospheric forcing consists of wind at 10 m above the ocean 161 

surface, air temperature at 2 m, relative humidity at 2 m, precipitation, evaporation, shortwave 162 

radiation, and longwave radiation. We obtained these forcings with 1/4° resolution from ERA5 163 

reanalysis datasets from the European Centre for Medium-Range Weather Forecasts. The 164 

FVCOM model as configured above outputted hourly 3D total currents, temperature, and sea 165 

level for the period of 2016 – 2022. 166 

2.2 In-situ observations for model validation 167 

Bottom water temperature and water pressure (i.e., sea level) were recorded at six eelgrass sites 168 

along the Atlantic coast of Nova Scotia, Canada (Figure 1, Table 1). These sites represent a 169 

range of environmental conditions over which eelgrass beds occur, including gradients of 170 

temperature, light, sediment properties, and water movement, all influenced by tidal currents, 171 

winds, waves, and bathymetry (Bakirman and Gumusay, 2020; Krumhansl et al., 2020; Wong 172 

and Dowd, 2021, Krumhansl et al. 2021). Port l'Hebert, Port Joli, and Mason’s Island are the 173 

shallower sites (mean depth at high tide < 2 m) with muddy/silty sediments, low current speed, 174 

and low exposure to waves and offshore processes (Table 1, Fig.1). Other beds (Sacrifice Island, 175 

Taylor Head, and Sambro) were located in deeper water (mean depth at high tide > 3 m), with 176 

sandy sediments, higher current speeds, and higher exposure to waves and offshore dynamics 177 

(Table 1, Fig.1) (Krumhansl et al., 2020; Wong and Dowd, 2020). 178 

Water depth was calculated from water pressure measurements made at 10 cm above the 179 

bed at 10 minutes intervals using HOBO pressure sensors (Onset Corp) during 24 July 2020 to 180 

24 November 2021, and used for observing sea level variation. We used the water temperature 181 
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records by HOBO tidbit temperature loggers (Onset Corp) at 10 cm above the bed and logged 182 

data every 15 minutes from 1 June 2018 to 31 October 2021, and used these data for model 183 

validation. The observed data were generally recorded continuously although some logistical 184 

challenges resulted in shorter deployments at some sites (Table 1). All the loggers were placed 185 

directly in the eelgrass beds to record the actual conditions that the eelgrass experiences.  At 186 

some shallow sites, this meant that loggers were periodically exposed to the air at very low tides, 187 

as were the seagrass beds.  Temperature recordings from exposure were thus sometimes higher 188 

(>30 ºC) and lower (below freezing) than expected if the loggers had remained submerged.  189 

Extreme air temperatures have been shown to impact seagrasses (Park et al. 2016), so we elected 190 

to retain these temperatures.   191 

 192 

Table 1 Location, mean depth, and the period of observations at the six eelgrass sites. 
Site Lat. Lon.  Mean depth at 

high tide (m) 
Observed water  

depth period 

Observed water  

temperature period 

Port l’Hebert 43.8681  -64.9633  1.82 24/06/2021 to 

24/10/2021 

01/06/2018 to 20/03/2020 and 

26/05/2020 to 31/05/2021 

Port Joli 43.8754  -64.9009 1.59 24/06/2021 to 

24/10/2021 

01/06/2018 to 19/02/2019 and 

18/04/2019 to 24/10/2021 

Mason’s Island 44.3899  -64.2788  1.91 24/06/2021 to 

24/10/2021 

01/06/2018 to 27/03/2019 and 

06/05/2019 to 31/10/2021 

Sacrifice Island 44.3967  -64.2360  3.28 24/06/2021 to 

24/10/2021 

01/06/2018 to 04/02/2019 and 

06/05/2019 to 31/10/2021 

Sambro 44.4554  -63.5879  6.36 24/06/2021 to 

24/10/2021 

01/06/2018 to 25/04/2019 and 

15/08/2020 to 08/12/2020 and 

16/06/2021 to 31/10/2021 

Taylor Head 44.8205 -62.5719 3.89 24/06/2021 to 

24/10/2021 

10/06/2018 to 31/10/2021 

 

 193 

2.3 Analyses 194 

2.3.1 Tidal analysis of sea level 195 
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The tidal components of sea level from FVCOM are compared to those from sea level records at 196 

the eelgrass sites for five selected dominant principal tidal constituents (O1, K1, N2, M2, and S2 197 

with periods of 25.84 hr, 23.92 hr, 12.66 hr, 12.42 hr, 12.00 hr, respectively), four overtides (M4, 198 

S4, M6, and  M8 with periods of 6.21 hr, 6.00 hr, 4.14 hr, 3.11 hr, respectively), and one 199 

compound tide (2MK5 with period of 4.93 hr) with a signal-to-noise ratio greater than 2. The 200 

amplitudes and phases of the tidal constituents are calculated using the T-Tide toolbox of 201 

Pawlowicz et al. (2002). 202 

2.3.2 Prediction of temperature variations 203 

The temperature time series from both the observations and model predictions were processed to 204 

isolate signals in different frequency bands, specifically: (i) low frequency (changes occurring 205 

over with periods > 60 days); (ii) middle frequency (changes that occur with periods ranging 206 

from 48 hr to 60 days); and (iii) high frequency (temperature changes that occur with periods  ≤ 207 

48 hr). Low frequency temperature changes are related to seasonal and annual cycles (on the 208 

order of months to years). Middle frequency temperatures are associated with meteorological 209 

events such as storms and wind driven upwelling events, or any processes with time scales of 210 

days to weeks. High frequency temperature changes are usually related to tidal exchanges and 211 

daily heating and cooling processes (period of 10 - 48 hr).  Overtides also contribute to high 212 

frequency temperature variation, and are usually harmonics of the principal tidal constituents 213 

with periods of 3-10 hr. The analysis was carried out as follows. The low frequency (seasonal) 214 

water temperature variations were isolated by fitting polynomial functions to the raw temperature 215 

data at each site. The de-seasonalized time series (the temperature anomaly) were then calculated 216 

by subtracting the seasonal cycle from the original temperature time series. A low-pass filter was 217 

then applied to the temperature anomaly time series to remove the high frequency features (< 48 218 



 

12 
 

hr) and obtain the meteorological (mid frequency) band. The high frequency (tidal/daily) band 219 

was calculated by subtracting the meteorological band from the temperature anomaly.  220 

Time series of the three different frequency bands at each site were compared for the 221 

observations and model predictions using the Willmott skill (WS), defined as: 222 

𝑊𝑆 = 1 − 𝑀𝑆𝐸 〈(|𝑚 − 〈𝑜〉| + |𝑜 − 〈𝑜〉|)2〉⁄  ,      (1) 223 

where 𝑀𝑆𝐸 = 〈(𝑚 − 𝑜)2〉 is the mean square error, m and o are time series of the modelled and 224 

observed variables, respectively, and 〈 〉 represents a mean. The highest (1) and lowest (0) 225 

values of WS show perfect agreement and complete disagreement between the model predictions 226 

and observations, respectively.  This method has been used previously for assessment of 227 

numerical models for simulation of different parameters in aquatic environments (e.g., Liu et al., 228 

2009; Warner et al., 2005; Wilkin, 2006). In addition to this frequency resolved WS, summary 229 

statistics of the bottom water temperature including mean, maximum, and minimum 230 

temperatures, standard deviation (SD), and the 95th percentile are used to compare the model 231 

predictions and observations.   232 

2.3.3 Spectral analysis of water temperature 233 

A power spectral analysis of the bottom water temperature at each site for both the observed data 234 

and model predictions was performed. These analyses help with identifying the dominant 235 

frequencies of the water temperature variation (e.g., diurnal tides, solar heating and cooling, 236 

semi-diurnal tides, overtides and compound tides in shallow waters), as well as assessing the 237 

capability of the model in computing them as compared to those found in the observations. 238 

2.3.4 Eelgrass specific temperature metrics 239 
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Model accuracy in prediction of water temperature metrics ecologically relevant for eelgrass 240 

were also evaluated and include: growing degree days (GDD); warm water events that exceed 241 

physiological thresholds; and daily temperature range. 242 

The thermal integral, known as growing degree days (GDD), has been used in 243 

horticulture and fish studies to predict growth and development (Neuheimer and Taggart, 2007). 244 

GDD quantifies heat accumulation over time in a system and has been shown to influence 245 

eelgrass productivity and resilience (Krumhansl et al., 2021, Wong and Dowd 2023). Here, GDD 246 

from model predictions and from in-situ observations is estimated by: 247 

𝐺𝐷𝐷(𝑡) = ∫ 𝑚𝑎𝑥((𝑇𝑚𝑎𝑥 + 𝑇𝑚𝑖𝑛) 2⁄ − 𝑇𝑏𝑎𝑠𝑒 , 0)𝑑𝑡
𝑡

𝑡0
      (2) 248 

Where, when a full year of observed data available at all sites, 𝑇𝑚𝑎𝑥 and 𝑇𝑚𝑖𝑛 are the daily 249 

maximum and minimum temperature, respectively, and 𝑇𝑏𝑎𝑠𝑒 is a prescribed base temperature. 250 

GDD is calculated for 01 June 2018 (𝑡0) to 25 April 2019 where almost a full year of observed 251 

data are available at all sites. Eelgrass photosynthesis increases rapidly from 0 to 5 °C, while a 252 

maximum in the ratio of photosynthesis to respiration (P:R) occurs at 5 °C (Biebl et al., 1971; 253 

Marsh et al., 1986). Therefore, we elected to use 5 °C as 𝑇𝑏𝑎𝑠𝑒 in our calculations of GDD, as 254 

done previously in Krumhansl et al. (2021).   255 

We also calculated the frequency and duration of warm water events that exceeded 256 

known physiological thermal thresholds for eelgrass using both the model predictions and the 257 

observed data.  We used three different temperature thresholds (Tth) of 20 °C, 23 °C, and 27 °C.  258 

The 23 °C temperature is typically considered the physiological threshold for temperate eelgrass 259 

above which respiration begins to outpace photosynthesis, causing reduced or even negative P:R 260 

ratios that result in reduced eelgrass growth and survival (Lee et al., 2007). However, eelgrass is 261 
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highly adaptable, and plants in warm conditions likely have higher temperature thresholds while 262 

plants in cooler conditions have lower ones.  We thus also used 20 °C and 27 °C as thresholds.  263 

Individual warm water events were identified as those occurring above the temperature 264 

thresholds for ≥ 2 hr, with distinct events separated by ≥ 3 days, akin to the definition for marine 265 

heatwaves (Krumhansl et al., 2021; Oliver et al., 2018).  266 

Finally, to estimate the daily temperature range, the difference between the daily 90th and 267 

10th percentiles are calculated and compared between the model predictions and observed data.   268 

The probability density of the daily temperature ranges are also calculated using kernel density 269 

estimation. 270 

2.3.5 Nearshore heat balance 271 

A simple heat budget is applied to the FVCOM model results to estimate the relative 272 

contributions of different processes that can contribute to the warming or cooling of the water in 273 

the immediate region around 2 selected eelgrass sites with different physical dynamics. Here the 274 

heat budget is applied following standard approaches for the coastal regions (Dever and Lentz, 275 

1994; Lemagie et al., 2021, 2020). The heat budget in a generic form may be expressed as 276 

𝜕�̅�

𝜕𝑡
=

𝑄

𝜌𝐶𝑝𝐻
+

1

𝐻
∫ �⃑� ⋅ ∇𝑇

0

−𝐻
𝑑𝑧 + 휀        (3) 277 

where �̅� is the mean temperature in the box surrounding the site extended to the shoreline (i.e., 278 

depth and laterally averaged water temperature), 𝑄 is the surface heat flux, 𝜌 = 1024.6 kg m-3 is 279 

the reference density of seawater, 𝐶𝑃 = 4002.5 J kg-1 °C-1 is its heat capacity, H is the depth, and 280 

�⃑�  is the horizontal velocity. The left-hand side of Eq. 3 shows the rate of temporal change in the 281 

heat content, or temperature tendency, of the region (𝛿𝑇𝐴𝑣𝑔). The first term on the right-hand 282 

side is the heat flux through the surface (𝛿𝑇𝑆𝐻𝐹), and the second term estimates the advective 283 
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heat flux (𝛿𝑇𝐴𝑑𝑣). Finally, the last term is the residual of the balance (휀), which could be due to 284 

processes such as mixings, eddies, or other complex three-dimensional processes that were not 285 

captured by this simple heat budget.  To evaluate the contribution of each term on the 286 

temperature change over the region, each term in Eq. 3 is expressed as an equivalent temperature 287 

change in units of °C hr-1. The heat budget is also integrated over time to assess the variation of 288 

each term for different seasons.  289 

3 Results 290 

3.1 Sea level 291 

Figure 2 shows the amplitude and phase of sea level for selected tidal constituents at Port 292 

l’Hebert and Taylor Head (selected as representative shallow and deep sites, respectively, with 293 

the remaining sites presented in Fig. S1). Of all the principal tidal constituents, the M2 tide has 294 

the largest amplitude (> 0.55 m) across all the sites. Shallower sites (Port l’Hebert (Fig. 2b), Port 295 

Joli (Fig. S1b), and Mason’s Island (Fig. S1d)) are generally associated with higher amplitude of 296 

harmonic constituents than the deeper sites (Taylor Head (Fig. 2d), Sacrifice Island (Fig. S1j), 297 

and Sambro (Fig. S1l)).  While there are differences between the modelled and observed phase 298 

for principal tidal constituents (< 30°) (Figs. 2e-h and S1e-h and S1m-p), the errors in prediction 299 

of amplitude and phases of the principal and harmonic tidal constituents are generally within the 300 

error standard deviation associated with their calculations (Figs. 2 and S1). 301 

 302 
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Fig. 2 Amplitude (top) and phase (bottom) of sea level for five select principal tidal 

constituents (M2, S2, K1, O1, and N2; panels a, e, c, and g) and five harmonic tidal 

components (M4, M6, M8, S4, and 2MK5; panels b, f, d, and h) from observed data (blue) and 

model results (red) for 2 select sites: Port l'Hebert, a shallow site (panels a, b, e, and f) and 

Taylor Head, a deep site (panels c, d, g, and h). Length of the error bars show the standard 

deviation.  

 303 

3.2 Water temperature variations 304 

Comparison of the bottom water temperature from the model and observations (Figs. 3-4 and S2-305 

S5) shows that the model can predict the time series of the observed data, as well as the 306 

temperature variations at different frequencies, with Willmott skill greater than 0.7 (Table 2). In 307 

comparisons of the low frequency time series, the model consistently overestimates summer 308 

water temperatures at Port l'Hebert (max 7.2 °C for the observed data (Figs. 3a) and 1.7-2.5 °C 309 

for the of low frequency data (Figs. 3b)) and Port Joli (max 4.4 °C for the observed data (Figs. 310 

S2a) and 0.5-3.1 °C for the low frequency data (Figs. S2b)), the two shallow sites.  Note that 311 

maximum discrepancies for the observed data at these sites are influenced by temperature spikes 312 

associated with the sensors being exposed briefly to air (as noted above). In contrast, the model 313 

underestimated summer water temperature at the deeper sites (Figs. 4a-b, S3a-b, S4a-b, and S5a-314 
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b) with the maximum discrepancy of 6.6 °C at Sacrifice Island (Figs. S4a and b).  The model 315 

predictions of time series of the middle and high frequency temperature variations were 316 

generally within 2 °C of those observed (Figs. 3c-d, 4c-d, S3c-d, S4c-d, and S5c-d), with the 317 

maximum discrepancies of 4.7 °C at Sambro (Figs. S5c-d). 318 

Across all sites, the bottom water temperature showed a seasonal trend of increasing 319 

water temperature during the spring with a maximum in August, and declining throughout the 320 

fall to a winter minimum in February (Figs. 3-4 and S2-S5).  The largest seasonal ranges (> 32 321 

°C) were at Port l’Hebert and Port Joli with an observed summer maximum of 28.81°C and 322 

29.57 °C, respectively, and a winter minimum of -3.97 °C and -3.89 °C, respectively (Table 3), 323 

again being influenced by air exposure of the recorders. The lowest seasonal range (22.14 °C) 324 

was observed at Sambro (Fig. S5a-b). Temperature changes within the meteorological band at 325 

Port l'Hebert (Fig. 3c) and Port Joli (Fig. S2c) were similar and did not show large inter-seasonal 326 

variations. The highest amplitude within the meteorological band (peaks usually > 1°C; SD > 327 

1.7°C) was also calculated in these two sites relative to others, with minimum amplitudes 328 

(generally < 2°C; SD < 1°C) in Mason’s Island (Fig. S3c) and Sacrifice Island (Fig. S4c). Large 329 

consistent drops (~6°C) in the meteorological band at Sambro (Fig. S5c) could be attributed to 330 

the high winds in fall. 331 

As with the variations found in the meteorological band, the highest amplitudes of the 332 

temperature variations within the high frequency band were at Port l’Hebert (Fig. 3d) and Port 333 

Joli (Fig. S2d).  Of the deeper sites, Mason’s Island (Fig. S3d) and Sacrifice Island (Fig. S4d) 334 

show the highest and lowest amplitudes of variations, respectively. Inter-seasonal changes within 335 

the high frequency band were evident in all the sites with the highest amplitudes during June to 336 

September, which could be an indicator of increased heating and cooling related to solar heating 337 
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and tides during warmer periods, or due to the establishment of localized horizontal temperature 338 

gradients. The highest (8.0 °C) and the lowest (2.3 °C) values of the summer peaks in the high 339 

frequency band were in Port Joli and Sacrifice Island, respectively. The highest (1.05 °C) and the 340 

lowest (0.36°C) SD in the high frequency band from the model results were also obtained in Port 341 

Joli and Sacrifice Island, respectively (Table 3). The ratios of the standard deviation of the high 342 

frequency to meteorological band was less than 1 in all the sites from both the model results and 343 

observations (Table 3), which shows that the processes within the meteorological band can 344 

dominate the temperature dynamics at these eelgrass sites. 345 

The model calculation of the summary statistics (time series during 01/06/2018 to 346 

31/05/2021) of the bottom water temperature are within 2 °C of the observed data in most sites 347 

(Table 3). The warmest mean bottom water temperature was in Port l'Hebert and Port Joli (11.62 348 

°C and 11.44 °C, respectively) and the coldest mean temperature was in Sambro and Taylor 349 

Head (7.37 °C and 7.89 °C, respectively) from the model calculations. The highest maximum 350 

temperature, the highest 95th percentile temperature, and the lowest minimum temperatures 351 

calculated from both the model and observed data were found at Port l'Hebert and Port Joli. 352 

These sites also have the highest standard deviation of the temperature, which is an indicator of 353 

having the highest temperature variations among all the sites. 354 

Table 2 Average Willmott skill score for the bottom water temperature prediction decomposed 

by frequency. Here scores of 1 and 0 indicate perfect agreement and complete disagreement, 

respectively, between the model results and observations 

Site Time series Low frequency 

(> 60 days) 

Middle frequency 

(48 hr to 60 days) 

High frequency 

(< 48 hr) 

Port l'Hebert 0.98 0.99 0.92 0.81 

Port Joli 0.99 0.99 0.93 0.79 

Mason’s Island 0.98 0.98 0.89 0.72 

Sacrifice Island 0.96 0.96 0.83 0.77 

Sambro  0.98 0.99 0.88 0.71 

Taylor Head 0.98 0.99 0.91 0.77 
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 355 

 

Fig. 3 Port l’Hebert bottom water temperature time series (a), and time series of the bottom 

water temperature in low (> 60 days (seasonal band); b), middle (48 hr to 60 days 

(meteorological band); c), and high (< 48 hr; d) frequencies from observation data (blue) and 

model results (red). 

 356 
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Fig. 4 Taylor Head bottom water temperature time series (a), and time series of the bottom 

water temperature in low (> 60 days (seasonal band); b), middle (48 hr to 60 days 

(meteorological band); c), and high (< 48 hr; d) frequencies from observation data (blue) and 

model results (red). 

 357 

Table 3 Summary statistics of the bottom water temperature for the period 01/06/2018 to 

31/05/2021 from model results and observation data (bottom row for each site in italics) at 

each site including mean, maximum, and minimum temperatures, temperature variability 

(standard deviation (SD)), and the 95th percentile temperature.  
Site Mean 

Temp 

(°C) 

SD 

Temp 

(°C) 

SD Met. 

Band 

(°C) 

SD High 

Freq. 

Band (°C) 

Ratio SD 

High Freq 

:Met. 

Max 

Temp 

(°C) 

Min 

Temp 

(°C) 

95th percentile 

Temp 

(°C) 

Port l'Hebert 11.62 

10.93 

8.75 

7.86 

2.14 

1.77 

1.03 

0.88 

0.48 

0.49 

30.52 

28.81 

-4 

-3.97 

24.96 

22.99 

Port Joli 11.44 

11.18 

8.40 

7.79 

1.93 

1.77 

1.05 

1.07 

0.54 

0.60 

29.77 

29.57 

-4 

-3.89 

24.37 

23.36 

Mason’s Island 8.30 

9.14 

5.25 

6.34 

0.62 

0.79 

0.56 

0.58 

0.89 

0.73 

18.79 

21.61 

-1.81 

-1.68 

15.50 

18.48 

Sacrifice Island 8.01 

9.28 

4.76 

5.87 

0.60 

0.90 

0.36 

0.41 

0.60 

0.46 

18.20 

21.96 

-1.44 

-1.14 

16.15 

18.36 

Sambro  7.37 

6.84 

4.05 

5.85 

1.02 

1.70 

0.43 

0.32 

0.42 

0.21 

18.90 

20.89 

0.03 

-1.25 

15.06 

17.82 

Taylor Head 7.89 

8.10 

5.63 

6.21 

1.09 

1.33 

0.41 

0.54 

0.38 

0.40 

20.70 

22.76 

-1.92 

-1.71 

16.70 

18.83 
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 358 

Table 4 Summary statistics of the bottom water temperature from model results and 

observation data (bottom row for each site in italics) during the summer growing periods (time 

series of 4 summer periods of June 1-Sept 15 between 01/06/2018 and 31/05/2021) at each site 

including mean, maximum, and minimum temperatures, temperature variability (standard 

deviation (SD)), and the 95th percentile temperature.  
Site Mean 

Temp  

(°C) 

SD 

Temp 

(°C) 

SD Met. 

Band 

(°C) 

SD High 

Freq. 

Band (°C) 

Ratio SD 

High Freq 

:Met. 

Max 

Temp 

(°C) 

Min 

Temp 

(°C) 

95th percentile 

Temp 

(°C) 

Port l'Hebert 22.14 

19.92 

3.09 

3.23 

1.76 

1.75 

1.29 

1.08 

0.73 

0.62 

30.53 

28.81 

10.84 

9.10 

26.64 

24.67 

Port Joli 21.57 

20.15 

3.07 

3.24 

1.83 

1.78 

1.29 

1.30 

0.70 

0.72 

29.77 

29.57 

10.66 

8.66 

25.95 

24.99 

Mason’s Island 13.64 

16.09 

1.83 

2.62 

0.62 

0.95 

0.88 

0.79 

1.42 

0.93 

18.59 

21.61 

8.07 

7.75 

16.58 

19.65 

Sacrifice Island 12.43 

15.29 

1.89 

2.98 

0.80 

1.28 

0.46 

0.58 

0.57 

0.45 

18.03 

21.96 

6.95 

6.50 

15.65 

19.46 

Sambro  9.19 

12.25 

3.06 

3.89 

1.58 

2.30 

0.67 

0.48 

0.42 

0.21 

18.00 

20.89 

2.44 

4.25 

14.77 

18.87 

Taylor Head 12.70 

14.64 

3.29 

3.08 

1.59 

1.92 

0.68 

0.83 

0.43 

0.43 

20.17 

22.77 

3.11 

3.97 

17.57 

20.02 

 359 

3.3 Spectral analysis 360 

Spectral analysis of the bottom water temperature shows that the model can reproduce the 361 

dominant water temperature variations found in each observed time series from the eelgrass sites 362 

(Fig. 5). Dominant frequencies are associated with the meteorological band (>48 hr) followed by 363 

diurnal variations, which also includes diurnal tides as well as temperature variation from solar 364 

heating, and finally semi-diurnal tides (~12 h).  The presence of these frequencies at all sites in 365 

the power spectra of bottom water temperature indicates the strong effect of these processes on 366 

temperature dynamics. From the power spectra, the influence of solar and tidal heating at the 367 

shallower sites (i.e., Port l’Hebert (Fig. 5a), Port Joli (Fig. 5b), and Mason’s Island (Fig. 5c) with 368 

mean depth at high tide < 2 m; Table 1) was greater than the other sites (i.e., Sacrifice Island 369 

(Fig. 5d), Sambro (Fig. 5e), and Taylor Head (Fig. 5f), mean depth at high tide >3m; Table 1). 370 
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Peaks at frequencies associated with overtides (periods of 3-10 hr) were evident at most sites (we 371 

note the model underestimation in most sites).  The most significant overtides occurred at Port 372 

l’Hebert, Port Joli, and Mason’s Island due to the relatively strong bottom friction, while 373 

overtides were less evident in the temperature spectrum of Sacrifice Island, and were negligible 374 

in Taylor Head and Sambro, the deepest sites. 375 

 376 

 

Fig. 5 Power spectra of bottom water temperature from observed data (blue) and model results 

(red) at Port l’Hebert (a), Port Joli (b), Mason’s Island (c), Sacrifice Island (d), Sambro (e), 

and Taylor Head (f). Dashed lines show the limits of the low, middle, and high frequency 

bands considered (see panel f). The periods associated with the peaks in frequencies are shown 

in panel c. 
 

 377 

3.4 Eelgrass specific temperature metrics 378 

3.4.1 Summary statistics for the growing season 379 
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To highlight the differences among sites for eelgrass growth, summary statistics in the summer 380 

growing period were calculated. These metrics were averaged over 4 summer periods (June 1-381 

Sept 15) between 01/06/2018 and 31/05/2021) (Table 4). From the model calculations, the 382 

warmest temperatures were at Port l'Hebert and Port Joli (22.14 °C and 21.57 °C, respectively) 383 

and the coldest temperatures at Sambro (9.19°C), while intermediate temperatures were found at 384 

Mason’s Island, Sacrifice Island, and Taylor Head (13.64 °C, 12.43°C, and 12.70 °C, 385 

respectively). Model calculations and observed data also show the highest maximum temperature 386 

and 95th percentile temperature at Port l'Hebert and Port Joli, but the lowest minimum 387 

temperature in Sambro and Taylor Head. Generally, the model calculation of the summary 388 

statistics during the summer growing period are within 2 °C of the observed data (Table 4). 389 

3.4.2 Growing degree day (GDD) 390 

Figure 6 shows plots GDD during 01 June 2018 to 25 April 2019 at all sites (Table 1). The 391 

discrepancies between the GDD from the model predictions and those from the observations are 392 

< 15% (Figs. 4a-5a and S2a-S5a) and strongly influenced by the bias in the mean temperature 393 

between model and observations in the bottom water time series. The largest discrepancies were 394 

observed for Mason’s Island and Sacrifice Island.  Heat accumulation varies across the sites, 395 

with heat accumulating earliest and fastest at Port l’Hebert and Port Joli, at intermediate levels 396 

for Mason’s Island, Sacrifice Island, and Taylor Head, and being latest and slowest at Sambro.  397 

Maximum heat accumulation was highest at Port l’Hebert and Port Joli, and lowest at Sambro.  398 

Heat accumulation was associated with depth, with heat accumulation reaching highest 399 

maximums and having highest rates of accumulation (i.e., initial slope in GDD) at shallow sites 400 

(Port l’Hebert, Port Joli) as compared to deeper sites.  Accumulation of heat happened in the 401 

spring, summer, and fall from both model and observed data with negligible accumulation in 402 



 

24 
 

winter, starting in December, when the temperature dropped below the set threshold of 5°C used 403 

in the GDD calculation (Eq. 2) (Figure 6).  404 

3.4.3 Warm water events 405 

Warm water events, where the bottom water temperature is > 20°C, 23°C, or 27°C for > 2 hr and 406 

each event is separated by > 3 days, is calculated from 10/06/2018 to 31/05/2021 (Figure 7). This 407 

period covers three summer seasons with the observed data available from all sites except for 408 

summer 2019 in Sambro, where the warm events are less likely due to the large depth 409 

(Krumhansl et al., 2020; Wong and Dowd, 2021). From the observations and the model results, 410 

the warm water events only occurred at Port Joli and Port l’Hebert based on both the 23°C and 411 

27°C criteria (Fig.7 b, c, e, and f), while other sites also experience warm events based on 20°C 412 

criteria (Fig. 7a and d). Based on 23°C, an average of 15.3 events year-1 in Port Joli (from 413 

observations and model), and 16.3 and 11.3 events year-1 from model and observations, 414 

respectively, in Port l’Hebert (Fig. 7b) were evident. These events occurred during June to 415 

September (Figs. 4a and S2a) with an average duration of 12.7 and 6.78 hr per event from model 416 

and observations, respectively, in Port Joli and 16.9 and 10.7 hr per event from model and 417 

observations, respectively, in Port l’Hebert. It is notable that the calculated numbers of warm 418 

events were highly dependent on the definition of these events (e.g., duration, length, and 419 

separation of events) due to high temporal variations of temperature. That is, a small change in 420 

the definition could result in quite different values, e.g. based on a 27 °C threshold from the 421 

model results, an average of 3 events year-1 with an average duration of 3.7 hr occurred in Port 422 

Joli, and an average of 5.3 events year-1 with an average duration of 5.5 hr occurred in Port 423 

l’Hebert. The duration and number of events based on 20 °C criteria were much higher than 424 

those based on 23 °C and 27 °C. Specifically, short durations of warm events (≤ 3 hr) based on 425 
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20 °C are observed in the sites that are deeper than Port l’Hebert and Port Joli (the model did not 426 

predict warm events in Mason’s Island, Sacrifice Island, and Sambro). The discrepancies in the 427 

mean duration of events between the model results and those from the observed data were 428 

generally within the standard deviation of calculations (Fig. 7d, e, and f). 429 

 430 

 

Fig. 6 Growing degree days at Port l’Hebert (a), Port Joli (b), Mason’s Island (c), Sacrifice 

Island (d), Sambro (e), and Taylor Head (f) from the model (red) and observations (blue) for 

the growing season period 01/06/2018 to 25/04/2019.  

 431 
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Fig. 7 Number (a, b, c) and duration (d, e, f) of warm events (for ≥ 2 hr; distinct events are 

separated by ≥ 3 days) when the bottom water temperature is greater than the threshold 

temperature (Tth) of 20°C (a and d), 23°C (b and e) and 27°C (c and f) for the growing 

seasonal period 10/06/2018 to 31/05/2021 from the model (red) and observations (blue). The 

length of the error bars in d, e, and f correspond to the standard deviations.   

3.4.4 Daily temperature variabilities  432 

Figure 8 compares the daily bottom water temperature range and its probability density estimate 433 

(via kernel density estimation) for the eelgrass sites. Shallow sites in general experienced higher 434 

daily temperature variations with lower peak probability and greater spread than the deeper sites, 435 

e.g., maximum monthly average of daily range in Port l'Hebert (Fig. 8a) and Port Joli (Fig. 8c) 436 

was 5 °C, compared to < 3 °C in Sambro (Fig. 8i) and Taylor Head (Fig. 8k). A daily 437 

temperature range of > 10 °C also occurred occasionally in Port l'Hebert and Port Joli. While the 438 

daily variations show a seasonal trend across all sites, with increased values during the warm 439 

seasons (June-September), shallower sites can experience daily variations > 5 °C during the 440 

winter seasons. Daily temperature variations can be due to daily solar heating and cooling and 441 
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tidal advection (Krumhansl et al., 2020), as well as occasional wind driven changes that can 442 

amplify water temperature changes. 443 

 444 

 445 

 446 

 

Fig. 8 Time series (a, c, e, g, I, k) and probability density estimate (PDE; b, d, f, h, j, l) of daily 

bottom water temperature range at Port l'Hebert (a and b),  Port Joli (c and d), Mason’s Island 

(e and f), Sacrifice Island (g and h), Sambro (i and j), and Taylor Head (k and l) from observed 

data (light and dark blue showing daily and monthly average, respectively) and model results 

(light and dark red: daily and monthly average, respectively). 
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3.5 Heat balance 447 

The heat balance during the three years from 2019 to 2021 was calculated using model results at 448 

Port l’Hebert and Taylor Head to illustrate the seasonal contribution of different factors to 449 

temperature changes at these two sites that contrast in both depth and exposure (daily-averaged 450 

values shown in Fig. 9 and note the scale difference in the y-axes between the two sites).  While 451 

a seasonal variability is evident in the change in the heat content at both sites (𝛿𝑇𝐴𝑣𝑔; Figs. 9a 452 

and c), with the maximum values during the warm seasons (~June-September), 𝛿𝑇𝐴𝑣𝑔 values at 453 

Port l’Hebert are greater than those at Taylor Head. Specifically, 𝛿𝑇𝐴𝑣𝑔 at Taylor Head is 454 

negligible during colder seasons (~November-February) with maximum daily-averaged values 455 

less than 0.03 °C hr-1.  These observed variabilities in temperature change are consequence of the 456 

contributing factors to the overall heat content at each site (Eq. 3). 457 

Heat flux through the surface (𝛿𝑇𝑆𝐻𝐹) shows a seasonal variability with higher values 458 

during the warm seasons (Figs. 9a and c) at both sites. Higher 𝛿𝑇𝑆𝐻𝐹 at Port l’Hebert compared 459 

to Taylor Head (e.g., maximum summer daily-averaged values of > 0.25 °C hr-1 vs < 0.1 °C hr-1, 460 

respectively) could be due to the difference in the depth of the sites as the surface heat flux per 461 

unit area at these two sites are comparable (Fig. S6). Low values of 𝛿𝑇𝑆𝐻𝐹 in the winter at 462 

Taylor Head (maximum daily-averaged values < 0.05 °C hr-1) indicates negligible contribution 463 

of surface heat flux in the cold seasons at this site. The advective flux at both sites (𝛿𝑇𝐴𝑑𝑣) (Figs. 464 

9b and d) show also seasonal variations with peak values during warm seasons.   465 

Figure 10 shows the monthly mean of each term in the heat budget at both sites computed 466 

from daily-averaged values for 3 years (2019-2021). The monthly temperature change (𝛿𝑇𝐴𝑣𝑔) 467 

was small, for any year, at the sites. In all years, the mean temperature change in the warmer 468 

months (<0.02°C hr-1) was 1-2 orders of magnitude smaller than the contribution to the 469 
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temperature change from the mean surface heat flux (0.2 °C hr-1 and 0.05 °C hr-1, at Port 470 

l’Hebert and Taylor Head, respectively). Monthly mean contribution from advective fluxes in the 471 

warm months appeared to anti-correlate with the incoming surface heat flux showing that these 472 

processes largely compensate for each other at the study sites. 473 

Monthly mean magnitude of each term in the heat budget show similar values during the 474 

3 years of the calculation, which suggests little interannual variability at both sites (Fig. 10). The 475 

monthly contribution of the residuals in the heat budget (Figs. 9c and d) was generally less than 476 

the leading term at both sites throughout the 3 years (Fig. 10). The residuals could be due to 477 

factors not represented well in the simple formulation used in this study (e.g., eddies or other 478 

complex 3D processes; Eq. 3). 479 

 480 

 481 
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Fig. 9 Daily averaged temporal change in the heat content (𝛿𝑇𝐴𝑣𝑔; black), surface heat flux 

(𝛿𝑇𝑆𝐻𝐹; red), advective flux (𝛿𝑇𝐴𝑑𝑣; blue), and heat budget balance residual (휀; grey) at Port 

l’Hebert (a and b) and Taylor Head (c and d). Note the scale difference in the y-axes between 

the two sites. 

 482 

 483 
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Fig. 10 Monthly mean of each term in heat budget (change in the heat content of the cross 

section (𝛿𝑇𝐴𝑣𝑔; black), surface heat flux (𝛿𝑇𝑆𝐻𝐹; red), advective flux (𝛿𝑇𝐴𝑑𝑣; blue), and heat 

budget balance residual (휀; grey) at Port l’Hebert (a, c, e) and Taylor Head (b, d, f) in 2019 (a 

and b), 2020 (c and d), and 2021 (e and f). The length of the error bars show the standard 

deviation. 

 484 

4 Discussion and Conclusions 485 

We investigated biologically relevant temperature dynamics in the nearshore regions of the 486 

Atlantic coast of Nova Scotia, illustrated at specific sites on time and space scales that are 487 

important for understanding eelgrass ecosystem functioning. Time series of water temperature 488 

from observations and FVCOM model results for June 2018 to May 2021 at six different 489 
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eelgrass sites showed that mean water temperatures during this period differed by > 4°C across 490 

the eelgrass beds with the maximum difference between the shallowest and the deepest of the 491 

sites (Port l’Hebert and Sambro, respectively; Table 3). This difference is > 7°C during summer 492 

growing period (Table 4). The two shallowest sites (Port l’Hebert, Port Joli) experienced several 493 

extreme warm events per year, while occurrence of these events was rare in the other sites. This 494 

indicates that eelgrasses inhabits a wide range of temperature regimes that have previously been 495 

shown to influence their performance.  Most importantly, we have demonstrated that our 496 

numerical model can generally predict well the key attributes of temperature relevant to eelgrass 497 

ecosystems, and do so across large spatial scales, in this case the whole Atlantic coast of Nova 498 

Scotia. The resolutions allow for detailed site-specific temperature studies at different eelgrass 499 

beds, and the model can help identify at-risk areas resulting from temperature stress, now and in 500 

the future (Krumhansl et al., 2020; Wong and Dowd, 2021).   501 

While an overall good agreement between the model predictions and the observed 502 

temperature was found, some discrepancies were evident. One important issue is that summer 503 

temperatures at the shallow sites (Port l’Hebert and Port Joli) were consistently overestimated, 504 

which should be considered when using the study results to assess ecological implications of 505 

various temperature processes (e.g., growing degree days is quite sensitive to this discrepancy). 506 

A potential reason could be the complex bathymetry of the tidal channels in the nearshore 507 

regions, which controls the heat exchanges between the inner region of the bays and the offshore 508 

waters. Firstly, model bathymetries in the tidal channels may be too shallow, which would 509 

significantly decrease the inward advection of cold offshore water and lead to overestimated 510 

water temperature in the inner bay. Secondly, the horizontal resolution of the air forcing (e.g., 511 

air-sea heat fluxes) from ERA5 is 31 km, which is relatively coarse compared to the model 512 
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resolution used in this study. Hence, some tidal channels (e.g., Port l'Hebert and Port Joli) are 513 

represented as being on land in ERA5, which may cause artificially high water temperature in 514 

summer. Thirdly, the overestimated water temperature in summer could also be caused by the 515 

uncertainty in solar radiation attenuation properties in the bottom layer, where the solar radiation 516 

not only heats the water, but also the bottom sediment due to the shallow water depth. Since the 517 

amount of the solar energy stored in the sediment is unknown, we considered all the solar energy 518 

as being distributed through the water column.  To examine this process, we ran the model with 519 

different water column attenuation coefficients for solar radiation and found that the model 520 

performance can be improved by tuning them, however, development of a realistic attenuation 521 

parameterization in the bottom layer is beyond the scope of the present paper.  Generally, 522 

however, the model simulated time series of the water temperature had a Willmott skill > 0.7, 523 

and we were able to assess this in a frequency dependent manner. Summary statistics during the 524 

summer growing period from the model were within 2°C from the recorded data in most sites 525 

(Table 4). The discrepancies between growing degree day from the model calculation and the 526 

observations (≤ 15%) were consistent with the systematic differences in the time series of bottom 527 

water temperature. While the number and duration of warm events highly depended on the 528 

definition used (e.g., duration, length, and separation of events) due to the high temporal 529 

variation of temperature, the discrepancies in the mean duration of events between the model 530 

results and those from the observed data were generally within the error standard deviation of 531 

calculations. 532 

Previous studies have suggested that short-term, sub-seasonal physical processes (i.e., 533 

warming events, wind events, upwelling) play an important role in eelgrass growth and 534 

productivity (Wong et al. 2013, 2020, 2021; Krumhansl et al. 2021). While all sites experienced 535 
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a similar seasonal variation in the bottom water temperature, temperature variability on sub-536 

seasonal scales was markedly different across the sites. Higher water temperature in the high 537 

frequency band (<48 hr; Table 3 and Figs. 4d-5d and S2d-S5d), larger dominance of solar 538 

heating and diurnal tides relative to the semi-diurnal tides (Fig. 2), and relatively higher daily 539 

temperature range (Figs. 8 and S6) indicate a greater impact of processes on time scales < 48 hr 540 

at shallow sites (Port l’Hebert, Port Joli, Mason’s Island) compared to the other sites. 541 

Temperature variations in the meteorological band that were observed in all the sites (Figs. 4c-5c 542 

and S2c-S5c) can be due to local wind events as well as coast-wide processes such as storms and 543 

wind-driven coastal upwellings. A coastal upwelling index based on Ekman transport and 544 

upwelling favorable winds (Petrie et al., 1987) has shown strong coherence with the 545 

meteorological temperature band in eelgrass sites at the eastern Scotian Shelf (Krumhansl et al., 546 

2021), which can transfer cool nutrient rich water to the surface and support eelgrass growth and 547 

photosynthesis during periods of nutrient limitation (Sandoval-Gil et al., 2019). 548 

The simple heat balance analysis contrasting a shallow protected bay (Port l’Hebert) and 549 

a deeper exposed (Taylor Head) site showed that while the maximum annual changes in the heat 550 

content at the shallow site are greater than those at the deep site, the surface heat flux is the main 551 

contributor to the temperature variations during summer growing seasons at both sites (Fig. 10).  552 

Monthly mean contribution of the advective fluxes in both sites was negative and buffering the 553 

surface heating in the warm months. Monthly mean magnitude of the contributing terms in the 554 

heat budget showed small interannual variabilities at both sites. 555 

Extended high temperature can have negative impacts on eelgrass health. Physiological 556 

impacts on eelgrass occur within 1-7 days when temperatures are 19-28°C (Evans et al., 1986, 557 

Gao et al., 2017), or as short as 15 min at > 30°C. Our results showed > 2 hr warm water events 558 
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occurred only at Port Joli and Port l’Hebert based on 23°C (optimum temperature for 559 

photosynthesis; > 12 events year-1) and 27°C thresholds, while other sites experienced these 560 

events based on a 20°C criteria. In shallow sites, these events are likely due to long periods of 561 

solar heating over the extensive shallow flats (Wong et al., 2013). Warm water events based on 562 

the 23°C threshold typically lasted > 10 hr. The high frequency of warm events in the eelgrass 563 

sites in this study suggest that these eelgrass frequently experienced physiologically unfavorable 564 

conditions. Alternatively, anomalous warming can result in persistent changes in eelgrass bed 565 

characteristics across multiple clonal generations and years (DuBois et al., 2020). Previous 566 

studies show that these events are typical on the Atlantic coast of Nova Scotia (Wong et al., 567 

2013, Wong 2018, Krumhansl et al., 2021), and that eelgrass can thermally adapt to varying 568 

temperature regimes, similar to other seagrass species (Marin-Guirao et al., 2016).  569 

 In summary, the FVCOM model developed for this study was able to reasonably predict 570 

water temperature variations and thermal metrics relevant to eelgrass condition. Eelgrass habitats 571 

occur in  nearshore regions with localized and complex hydrodynamic regimes, and are also 572 

exposed to shelf scale wind driven events that control the water temperature (Feng et al., 2022; 573 

Wong and Dowd, 2021; Petrie et al., 1987). Representation of nearshore dynamics and its impact 574 

on coastal water temperature can only be achieved by predicting physical dynamics across large 575 

spatial scales by using targeted calibrated and validated high resolution numerical models. These 576 

can improve our general understanding of the interaction between the physical and biological 577 

processes in the coastal environments. It is hoped that results of this study, and the numerical 578 

model developed here, can contribute towards the conservation and protection of eelgrass beds, 579 

and the maintenance of their ecosystem functioning in this era of climate change. 580 

 581 
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Fig. S1 Amplitude (1st and 3rd rows) and phase (2nd and 4th rows) of sea level for five select 

principal tidal constituents (M2, S2, K1, O1, and N2; panels a, i, m, c, g, k, and o) and five 

harmonic tidal components (M4, M6, M8, S4, and 2MK5; panels b, f, j, n, d, h, l, p) from 

observed data (blue) and model results (red) at Port Joli (a, b, e, and f), Mason’s Island (c, d, g, 

and h), Sacrifice Island (i, j, m, and n), and Sambro (k, l, o, and p). Length of the error bars 

show the standard deviation.  
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Fig. S2 At Port Joli, bottom water (~10 cm above the bed) temperature time series (a), and 

time series of the bottom water temperature in low (> 60 days (seasonal band); b), middle (48 

hr to 60 days (meteorological band); c), and high (< 48 hr; d) frequencies from observation 

data (blue) and model results (red). 
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Fig. S3 At Mason’s Island, bottom water (~10 cm above the bed) temperature time series (a), 

and time series of the bottom water temperature in low (> 60 days (seasonal band); b), middle 

(48 hr to 60 days (meteorological band); c), and high (< 48 hr; d) frequencies from observation 

data (blue) and model results (red). 
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Fig. S4 At Sacrifice Island, bottom water (~10 cm above the bed) temperature time series (a), 

and time series of the bottom water temperature in low (> 60 days (seasonal band); b), middle 

(48 hr to 60 days (meteorological band); c), and high (< 48 hr; d) frequencies from observation 

data (blue) and model results (red). 
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Fig. S5 At Sambro, bottom water (~10 cm above the bed) temperature time series (a), and time 

series of the bottom water temperature in low (> 60 days (seasonal band); b), middle (48 hr to 

60 days (meteorological band); c), and high (< 48 hr; d) frequencies from observation data 

(blue) and model results (red). 
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Fig. S6 Time series of the hourly surface heat flux per unit area at Port l’Hebert (blue) and 

Taylor Head (red).  
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